
ChatASU: Evoking LLM’s Reflexion to Truly 

Understand Aspect Sentiment in Dialogues 

Yiding Liu, Jingjing Wang , Jiamin Luo, Tao Zeng, Guodong Zhou

School of Computer Science and Technology, Soochow University, Suzhou, China 



目录

1 Motivation

2 ChatASU Task

3 Trusted Self-reflexion Approach 

4 Experiments

5 Contributions

NLP Laboratory, Soochow University 2



➢ For task, existing studies on interactive ASU largely ignore the coreference

issue for opinion targets.

➢ For question, how to address the coreference issue for aspects in dialogues is

challenging for LLMs, which could assist in precisely predicting the aspect

sentiments.

➢ For model, LLMs usually exhibit factual hallucination problem in their

generative and predictive capabilities.

Motivations
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1 Traditional ASU Task: focus on extracting the relationship between aspect entities 

and opinions in the text.

2 Observation of Corpus: there are a lot of coreference relations between people's 

conversations in real-life communications and people are accustomed to using 

pronouns to represent an entity.

3 ChatASU Task: extracting opinion, sentiment polarity of opinion and the 

corresponding anaphora relationship in the dialogue.
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ChatASU Task 



Example of ChatASU Task:
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ChatASU Task 



Annotation for ChatASU:

1 Collecting 3000 Chinese dialogues.

2 Annotate Opinion, explicit aspect, implicit and sentiment polarity of opinion in 

dialogue.

3 The statistics of our constructed dataset as follows, and we randomly split the 

dataset into train, dev, and test sets with the ratio of 8:1:1 for ChatASU.
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ChatASU Dataset 



The overall framework of our Trusted Self-reflexion Approach (TSA) to ChatASU:
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Trusted Self-reflexion Approach 



Step 1: ChatASU Block
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Trusted Self-reflexion Approach 

Step 1 consists of two tasks: 

1. Primary ASU Task.

2. Auxiliary ACR Task.
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Trusted Self-reflexion Approach 

Step 1: Primary ASU Task

1 Input: Instruction [·] text

Instruction: ``You are now an information extraction model. Please help me to extract 

opinions from the input and tell me the sentiment polarity of the opinions, what the explicit 

aspect referred to by the opinion is, and what pronoun is used for the explicit aspect in the 

utterance where the opinion occurs. ''

2 Taking the text ``I watched That River today, the movie is very good to recommend you 

to see''

Output: The opinion is ``very good''. The sentiment tendency is ``POS''. The opinion refers 

to the explicit aspect ``That River''. The pronoun of ``That River'' is ``the movie''.
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Trusted Self-reflexion Approach 

Step 1: Auxiliary ACR Task

1 Input: Instruction [·] text

Instruction: ``You are now an classification model to judge which utterance in this 

dialogue appears to be the coreference of ei, outputs 2 if it is an explicit aspect, 1 if it 

is an implicit aspect, and otherwise 0. Output a sequence of 0, 1, and 2, the length of 

which is the number of dialogues.''

2 Output: The output of the ACR task is a sequence consisting of 0, 1 and 2, with the 

length of the sequence equal to the number of utterances in the dialogue.
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Trusted Self-reflexion Approach 

Step 2: Trusted Enhanced Self-reflexion (TES) Block

Step 2 consists of three components: 

1.ASU Agent

2.ACR Agent

3.Trusted-Aware Estimation (TAE).  
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Trusted Self-reflexion Approach 

Step 2: ASU Agent and ACR Agent

Action: 

Reward: We get the generation scores from Output. 

( )
ACR TE ACR

Score=

( )
ASU TE ASU

Score=

ACR ACR
Output ChatGLM(Input )=

ASU ASU
Output ChatGLM(Input )=
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Trusted Self-reflexion Approach 

Step 2: Trusted-Aware Estimation (TAE)

The TAE Block is consist of two parts, Trusted Estimation and Trusted Reflexion.

Trusted Estimation: Trusted Estimation (TE) utilizes the difference in generation 

scores obtained from beam search as a measure of confidence, encouraging 

ChatGLM to produce trustworthy results.
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Trusted Self-reflexion Approach 

Step 2: Trusted-Aware Estimation (TAE)

Trusted Reflexion: Trusted Reflexion is the final reward function.



Experimental results as follows:
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Experiments



Importance and Robustness Study for ACR Task and Trusted Learning
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Experiments



Qualitative Study
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Experiments
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Contributions

➢ We propose a new ChatASU task with a specially-designed ACR sub-task to

address the coreference issue of aspects in dialogue ASU scenarios, which may

open up a promising avenue for research in this direction.

➢ We incorporate both reflexion mechanisms and trusted learning for better

understanding aspect chain and alleviating hallucinations problems, thereby

enhancing the ability and credibility of LLMs in understanding aspect

sentiments.

➢ We meticulously annotate a high-quality Chinese dataset ChatASU to evaluate

the aspect sentiments comprehension ability of LLMs within dialogue ASU

scenarios. Our work marks the first of its kind, shedding light on coreference

issue in dialogue ASU scenarios and contributing to the evaluation and

enhancement of LLMs’ performance.



Thank you.
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