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Introduction

Simplified Chinese:  ““Fifilf ]2, ATRUF-? HHBELIITK, A
IRRT T ANAFITIA G, AR 5?7

Traditional Chinese: [ZAMFE 2, ANaT? EHBETT R, AN
JREESEY NG AN, ANTE 77




Simplified Traditional

NEFRE, hhE. NEEEE, mPsE.
PovE—, BAERE. poME—, BERER.
SERIBH, HARSRE. MEIBR, HARIMEE.
=BERR, 55—, =BHEE, 55—,
ERATAR, ILHEE. ERANAR, ItHEE.
SHEEZEZE, WFEFRAZE, BREERZE, BITEFHAZE.

BENE, ATAXTFREESTARKRN. | EENS, HAKTREEETAEXEM.
PURSAHE, KA. PORSAE, K FAE.

* One-to-many conversion problems

* Large amount of labeled training data

e OOV problem

* Training data cover a long period of time
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Experiment

Method S-to-T  T-to-S
[ OpenCC 9564 9756 |

MS Word 96.89 97.51

zhconv 97.96 99.49

pylangtools 96.77 97.79

Website

Jianfan 94.26 94.98

AIES 97.72 98.84

KJSON 95.72 97.24
Unsupervised MT

SVD 89.61 89.82

MUSE (Lample et al., 2018) 93.91 93.93

Artetxe et al. (2018a) 93.74 93.88

Artetxe et al. (2018b)(unsup) 94.22 94.21

Artetxe et al. (2018b)(semi 94.25 94.28

ChatGPT 79.22 79.21

Proposal(base) 98.45 99.51

Proposal(large) 98.57 99.61




Ablation Study

Module S-to-T  T-to-S
Latent Generative Adversarial Encoder 93.91 93.93
+|Context-aware Semantic Reconstruction Decoder|| 96.79 97.66
+|Encoder-Decoder Parameter Sharin 97.13 98.01
+‘Eariy Exit 98.45 99.52
+|OOV Skipping 98.57 99.61

Table 2: This table displays the results of an ablation study where modules were added one by one to
evaluate their impact on the performance of the proposed model.




Analysis

Pattern

Figure 2: Accuracy and Appear-
ance Ratio of Mapping Patterns
in Simplified-to-Traditional Chi-
nese Character Conversion.
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Figure 3: Accuracy of different
backbone PLMs for simplified to
traditional Chinese conversion.
Both large and base models
are included, except for “Bert-
ancient-Chinese”.
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Figure 4: Accuracy of Proposed
Model and Encoder-Only Base-
line for Different Maximum Sen-
tence Lengths in Simplified-to-
Traditional Chinese Character
Conversion.
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Case Study

Simplified Traditional Proposal zhconv aies.cn
WESEE, P hE. HEEEE, mTsE. B &2 =
PIrE—, BARE. pINE—, FERER. | L -}
M3RIEH, 1HARSNSRE. M5RIGH, HBRIIERE. = 2 ]
=EMEE S5, XRBIEE, H5—h. = g2 =
ERATAR, IEE, ERARAR, 1t}5E. 2 9 9
HEREZES, WFEFEIZE. BREERCE, AITEFEMZE, 3 I F
BENE, ARKTRGERTARKRRE. | BB, AAKXTRBESTAEKS. 1] il B
PURAE, KK, PORF A, KRR, B a 2

Figure 5: Examples of Simplified-to-Traditional Chinese Character Conversion with Incorrect Predictions
Highlighted in Red. The comparison targets are in bold. The translations are provided in the Appendix.
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Conclution

 We propose an unsupervised adaptive context-aware model for the simplified-
traditional Chinese character convention task.

* To alleviate the one-to-many problem, we propose to introduce PLM for
contextual semantic modeling in a reconstruction decoder.

 Based on the observation that different characters may require different levels of
semantic modeling, we propose to apply early exit mechanism for inference.



That’ s all.
Thank you.



