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Introduction

•What is evidence-aware fake news detection?
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Introduction

•Existing methods lack sufficient awareness to semantics
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Pilot Experiment

•A significant decline is observed across evaluation metrics
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Problem Analysis

• The perspective of dataset
• The statements in the training set are usually quite different from each other in terms of the 

semantics and textual expressions

• The perspective of representation learning
• Existing methods lack explicit encouragement for representation learning to be sensitive to 

semantic shifts.



Methodology: overview



Methodology: Semantic-Flipped Augmentation 
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Methodology: Semantic-Invariant Augmentation 

"Obama signs bill forgiving student 
loan debt"

paraphrase

"The student loan debt has been forgiven 
by Obama through the signing of a bill"
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Methodology: Text Encoding Layer

Graph-based

Text

PLM-based

Text

PLM

retrieval most relevant 
sentences



Methodology: Semantic-Sensitive Claim 
Representation Learning Module
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Experiments: Setup

• Datasets
• Snopes & Politifact

• Our extended test sets (two versions)

• Evaluation
• Macro F1、Micro F1

• F1 score on true/false category

• Baselines
• Traditional models

• Pre-trained language models

• Additional baselines for completeness

• GET + DA, RoBERTa + DA, ChatGPT



Experiments: Comparison with SOTA



Experiments: Ablation Study



Experiments: Model Agnostic Study



Experiments: Case Study



Conclusion

• A model-agnostic training framework for robust evidence-aware 
fake news detection

• Two kinds of augmentation to complement the datasets

• Semantic-sensitive claim representation learning module

• Experiments demonstrate the effectiveness of our method
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