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Background

 Personal lIdentifiable Information (Pll) complicates sharing linguistic
data.

« We explore existing methods mitigating this issue with a focus on
pseudonymization.

« We also identify types of PllIs in corpora representing various domains.
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The really bad day for me when | lost my sister, Natanya, when my sister
dieded. She was four years only, she was little when she dieded.
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The really bad day for me when | XXX my XXXX, XXXXX, when my XXXX
XXXXX. She was XXX years only, she was XXXX when she XXXXX.
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The really bad day for me when | lost my sister, Natanya, when my sister
dieded. She was four years only, she was little when she dieded.
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The really bad day for me when | @event my @fam, @name, when my @fam
@event. She was @age years only, she was @other when she @event.

UNIVERSITY OF GOTHENBURG | SPRAKBANKEN TEXT 7




The really bad day for me when | lost my sister, Natanya, when my sister
dieded. She was four years only, she was little when she dieded.
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The really bad day for me when | lost my cousin, Frankie, when my cousin
dieded. She was six years only, she was little when she dieded.
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Questions

1. What are the differences in Plls between tagsets and
domains?

2. Is a universal tagset possible?
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Materials and methods

We have chosen to investigate eight different tagsets to compare the kinds
of tags appearing in them:

ID |Paper Domain
Anonymization

1 Adams et al. (2019) Chat

2 Pilan et al. (2022) Legal

3 Accorsi et al. (2012) SMS

4 Brathen et al. (2021) Medical
Pseudonymization

5 Megyesi et al. (2018, 2021) L2 essays

6 Eder et al. (2019, 2020, 2022) E-mail

7 Alfalahi et al. (2012) Medical

8 Dalianis (2019) Medical

UNIVERSITY OF GOTHENBURG | SPRAKBANKEN TEXT 11




Materials and methods, part 2

When attempting to determine the applicability of one of those tagsets we
chose to try to annotate data from the following domains and sources:

ID |Source Domain Language
A [Private Medical Swedish
B Enron Corp and Cohen E-mails English

C [Pildan et al. (2022) Legal English

D |Szawerna (2023) Memoir Polish

E Ahrenberg et al. (2020) Blogs Swedish
F Twitter Mix, n/a, (2020) Tweets Swedish
G |Ahrenberg et al. (2020) Web news Swedish
H |Volodina et al. (2022) Learner essays Swedish

I McAuley and Leskovec (2013) Reviews English
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Results

 Variety of coverage by tagsets (including level of detail)
 PlIs can be universal, domain-specific, or simply rare

* A heterogenous miscellaneous category

— What about sufficiently frequent Plis without a
category?

* The distribution of Pll categories varies across domains
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Results:

a comparison of tagsets
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Results: towards a comparison of domains
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Results:

a comparison of domains
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Can a tagset be universal?

« We strive towards a universal tagset, acknowledging that while none of the
existing tagsets comprehensively covers all types of Plis found in texts, it is
not unreasonable to pursue such a standard.

* Ideally, the universal tagset would have a hierarchical structure

« Such a tagset would have to be regularly revised, in sync with new kinds of
potentially personal information emerging.
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Future work

* Do we need to classify PlIs?

— Are the categories necessary for the detection step, the generation step, both, or
neither?

 What is the best balance between detailed and general classification?
 Pracitcal future work: initializing work on a universal tagset
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