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Motivation

Text Style Transfer Source Target

Negative→Positive This is a terrible restaurant. This is a great restaurant.

Informal→Formal U seem like a successful person. You seem like a successful person.

Impolite→Polite Delete the page and shut up. Please delete the page.

Factual→Romantic Two dogs play by a tree. Two dogs in love are playing by a tree.

W.S.→Modern To be, or not to be, that is the question.To exist, or not to exist, that is the question.

Biased→Neutral Go is the deepest game. Go is one of the deepest game.

Offensive→Non-off What the f*ck is your problem? What is your problem?

Text style transfer (TST) is an important task in natural language generation, aiming to change the style of 

text (e.g., emotion, politeness, formality) while preserving its content semantics. Existing methods mainly 

face the following challenges:

• A single model is limited to transforming text between a predefined set of styles and cannot achieve 

arbitrary style transfer.

• Low controllability and error accumulation problem.

• Ignoring specific region editing and lacking control over specific semantic areas in the given text.

Figure 1: Traditional methods can only handle 1-2 tasks, our method can achieve any text style transfer, 

showing 7 representative style transfer tasks.



Contribution

Extensive experiments confirm the superiority of PEGF. We summarize the main contributions and 

insights of this paper as follows:

• We propose a novel prompt-based editing and global filling method, which innovatively converts TST 

task into filling task to cope with the accumulation of errors in large models. It guides the LLM to edit 

text within specific semantic regions, enhancing its controllability, stability, and interpretability. 

• To enhance content preservation, we design an implicit masking module that does not employ the 

traditional form of directly deleting the style words recognized by the model, but instead devise 

implicit masking to allow the model to retain more contextual information.

• Our experiments demonstrate that PEGF significantly outperforms state-of-the-art baselines on three 

publicly available benchmark datasets. 



Our proposed PEGF model
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Figure 2: Our proposed PEGF model.



Results
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In the heart of the bustling street, adjacent
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donning a weatherbeaten brown coat.
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Figure 3: The multiple style transformation examples executed by our model.



Results

Table 1: Comparison of our method with previous works on Yelp dataset.

Table 2: Comparison of our approach with previous prompt-based 

methods on the Amazon and GYAFC datasets.

Table 3: Results of the text-davinci-002 and textdavinci-003 

models on different datasets. 
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Figure 4: Human evaluation on the Yelp dataset.
Table 4: Ablation study of the model on Yelp 

and Amazon datasets in the four-shot setting.
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Figure 5: Influence of sample quantity on model 

performance in prompt templates.

Figure 6: Qualitative examples of sentiment transfer. We manually used 

bold and italics to highlight the stylistically relevant phrases we discovered.
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