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The Most Uninteresting Thing In the World

Figure 1: Yesterdays’ newspapers.



Not That Uninteresting

Figure 2: Some examples of interesting things in yesterdays’ newspapers.



Humble beginnings

▶ 250k historical "digitised" newspaper issues. [3]
▶ Varied and "questionable" quality.
▶ PDF + TXT files.
▶ No annotations.
▶ Disappointing search.



How to build a corpus in 7 easy steps

1. Remove suspiciously short documents.
2. Filter by language.
3. Filter by "quality".
4. Correct split words.
5. Align pages.
6. Correct (some) OCR errors.
7. Lingustically annotate the corpus. [6, 8]



Removing suspiciously short documents

Figure 3: Documents’ character-size distribution with the cut-off point of
excluding document shorter than 100 characters.



Filtering by language

▶ Librarians did most of the work for us ...
▶ ... the rest was done by FastText. [1]



Filtering by quality
▶ Intuition: the more it reads like contemporary news, the more

it is like contemporary news.
▶ Use KenLM [5] + SentiNews [2] to determine

contemporary-news-like-ness.
▶ Quality is in the eye of the beholder, so talk to those beholden.

Figure 4: Documents’ probability scores as reported by the language
model.



Fixing things

▶ Correct split words with regular expressions and a bit of stats.
▶ Align pages between PDF and TXT files.
▶ Correct OCR errors with cSMTiser [7].

▶ Text normalisation model: 300 random paragraphs of training
data.

▶ Statistical language model: all paragraphs with at least 100
characters & ParlaMint. [4]

▶ WER: 5.4% → 4.4%
▶ CER 1.2% → 1%



Post-OCR error correction

OCR-ed trigram Corrected trigram Suitability
ki ae je ki se je suitable
vcčkrat pa 12 večkrat pa 12 suitable
bii bi na bil bi na suitable
Izdajatelj In odgovorni Izdajatelj in odgovorni suitable
nočejo oirok pustiti nočejo otrok pustiti suitable
Štev. 8. štev. 8. ambiguous
Članov in obresti članov in obresti ambiguous
Številke po 4 številke po 4 ambiguous
Aadaiko - \fomkm Aadaiko - fomkm unsuccessful
Ui aa|-dovrženeHa kar Ui aaj-dovrženela kar unsuccessful
Družtvo sv. Jožefa Društvo sv. Jožefa historical difference



Corpus totals

Number of tokens 928,540,876
Number of sentences 52,604,613
Number of documents 157,669
Number of named entities 39,705,149
Person 21,052,963
Location 14,085,060
Organization 2,387,221
Miscellaneous 2,179,905



Corpus persons

Figure 5: Most common person named entities.



Corpus places

Figure 6: Geographic heat map of Slovenia and neighboring regions. It
marks the most common locations detected in the corpus.



Finally

▶ We built a useful giga-level historical corpus without breaking
the bank and so can you!

▶ Corpus links:
▶ Download: https://djnd.si/ejao
▶ Explore: https://djnd.si/ejap
▶ Replicate: https://djnd.si/ejaq

https://djnd.si/ejao
https://djnd.si/ejap
https://djnd.si/ejaq
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