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Interactive Digital Narratives (IDNs)

- IDNs are narratives that support player interaction. 
- Limited research on what prior information about interactive narrative 

structure can be leveraged for summarization and how



Choices as Rationale for Rationale-Based Learning

● Choices can determine which parts of the narrative are salient for inclusion in 
the summary

● Rationale based learning using supervised attention has shown good results 
for text classification

● Using proximity to choice points as a self-supervised proxy for human 
rationales



Rationales

- Rationales embedded as 
tensors, indicating 
proximity to choice 
points

- Sentence and word level 
rationales



Training Objective



Experimental SetUp: Dataset

IDNSum - 10,000 documents - playthrough through 8 episodes from two 
interactive narrative games

Default split (3 episodes from Wolf Among Us is train, remaining 2 validation and 3 
episodes from Before the Storm is test set)



Experimental SetUp: Models

SummaRuNNer (RNN) and sentonlyAttnRNN, wordonlyAttnRNN, AttnRNN trained 
with rationales and without rationales

Longformer and Zero shot Flan T5 - base also shown for comparison.



Experiment SetUp: Evaluation Strategy

Comparison of Approaches:

1. Similarity with the human written summaries (ROUGE scores)
2. Variability Analysis (Average sentence overlap)
3. Fault Analysis
4. Qualitative Analysis



Results: ROUGE based Automatic Evaluation

● Models 
trained with 
rationales 
outperforme
d those 
without by 
up to 14%



Follow up experiments using Flan T5



Results: Variability Analysis 

● Summaries produced by 
rationale-based models 
showed up to 16% more 
variability across 
playthroughs



Results: Fault Analysis

● Four main error types: 
Redundancy, Incompleteness, 
Irrelevance, and Unclear 
Sentences

● Redundant, Incomplete and 
irrelevant information were the 
most common errors



Results: Qualitative Analysis

● Fragment view of the narrative.
● Sometimes context is missing and 

some inference is required.
● Could potentially serve as recap.
● Coverage of choices and 

differences across playthroughs 
remains a challenge



Limitations and Future Work

● Fault analysis done by a single annotator, introducing potential subjectivity
● Results shown are for single runs
● Only one type of IDN, limiting generalizability. Future work includes evaluating 

this approach on diverse datasets and architectures 



Conclusion

- Choices can act as effective explanations for IDN summarisation, improving 
performance up to 14% and variability up to 16%.

- Sentence level rationales performed best.
- The manual analyses show limitations of the approach.
- Encourages rationale based learning for other types of narratives.
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