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1. Introduction

Low-Resource Languages (LRLs)

• Languages spoken in the world with less
linguistic resources for technologies.
(Cieri et al. 2016)

• Indonesian language is lacking in labelled
data collection, but having a growing
presence in the digital world (cluster 3).
(Joshi et al. 2020)

• There is an increasing effort to develop
Indonesian datasets and language models.
(Willie et al. 2020, Ariesandy et al. 2020, Aji et al. 2022, Winata et al. 2023)
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Fig. 1 - Language Resource Distribution
(Joshi et al. 2020)



1. Introduction

Challenges Faced by LRLs
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Accuracy Representativeness
(Dogruoz and Sitaram. 2022)

➔ Large size
➔ Well-documented
➔ Formal sources

New

Diverse

(Magueresse et al. 2020)



1. Introduction

Importance of Geographic Data in Indonesia

• With the rise in travel and tourism in Indonesia, 
more information from both locals and common 
tourists would be needed.

• Valuable information are often contained in texts 
written by common people.

• Collection of geographic data through the use of 
sensors and its reports in the form of statistics by 
certain organizations are often limited.

6Image taken from: https://etimg.etb2bimg.com/photo/100758092.cms



1. Introduction

Processing Geographic Data in Texts

Geoparsing consists of two main tasks (Gritta et al. 2020) :

1. Toponym Extraction (Geotagging)
Similar to named entity recognition (NER), but more focused on reference 
(mention) of location (toponym) in the text.

2. Toponym Resolution (Geocoding)
Regarded as entity linking (EL), i.e., disambiguate location mentions in the 
text using available knowledge bases.

7



1. Introduction

Processing Geographic Data in Texts
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Sample Text

Last week, we went to visit Heijo Palace. 

We really enjoyed our time there, it was 

such a big area to explore. Before that, 

we also bought some drinks at Family Mart 

near Yamato-Saidaiji station. We thought of 

visiting Nara Park too, but it was too late. 

We decided to visit the park the day after.



1. Introduction

Processing Geographic Data in Texts

Tasks:

1. Named Entity Recognition

9

Sample Text

Last week, we went to visit Heijo Palace. 

We really enjoyed our time there, it was 

such a big area to explore. Before that, 

we also bought some drinks at Family Mart 

near Yamato-Saidaiji station. We thought of 

visiting Nara Park too, but it was too late. 

We decided to visit the park the day after.



1. Introduction

Processing Geographic Data in Texts

Tasks:

1. Named Entity Recognition

2. Nominal Expressions Recognition
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Sample Text

Last week, we went to visit Heijo Palace.

We really enjoyed our time there, it was

such a big area to explore. Before that, 

we also bought some drinks at Family Mart 

near Yamato-Saidaiji station. We thought of 

visiting Nara Park too, but it was too late. 

We decided to visit the park the day after.



1. Introduction

Processing Geographic Data in Texts

Tasks:

1. Named Entity Recognition

2. Coreference Resolution (including 
Nominal Expressions Recognition)

11

Sample Text

Last week, we went to visit Heijo Palace.

We really enjoyed our time there, it was

such a big area to explore. Before that, 

we also bought some drinks at Family Mart 

near Yamato-Saidaiji station. We thought of 

visiting Nara Park too, but it was too late. 

We decided to visit the park the day after.



1. Introduction

Processing Geographic Data in Texts

Tasks:

1. Named Entity Recognition

2. Coreference Resolution

3. Entity Disambiguation/Linking

12Image taken from: https://www.google.com/maps

Sample Text

Last week, we went to visit Heijo Palace.

We really enjoyed our time there, it was

such a big area to explore. Before that, 

we also bought some drinks at Family Mart 

near Yamato-Saidaiji station. We thought of 

visiting Nara Park too, but it was too late. 

We decided to visit the park the day after.

Fig. 2 - Sample Capture of Google Maps



1. Introduction

Challenges in Geoparsing

• Metonymy Resolution (Gritta et al. 2018)

A toponym word is used to substitute for something else
For example, “Japan wins the 2023 World Baseball Classic”

• Location Inference based on the surrounding context (Farzana and Hecking. 2023)

A location is being described instead of explicitly mentioned in the text
For example, “Famous park in Nara prefecture with many deers” [Nara Park]
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1. Introduction

State of Indonesian Language Resources
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(Cahyawijaya et al. 2023)

Focus on Geographic Indonesian Travelogue



Constructing Indonesian-English
Travelogue Dataset
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New Diverse

Contextual InformationFocus on Geographic



2. Dataset Construction
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2. Dataset Construction

Scope of the Dataset

Referring to the recent Japanese travelogue dataset (Higashiyama et al. 2023, Ouchi et al. 2023)

Note:

Mention → both named entities and nominal expressions
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2. Dataset Construction

Scope of the Dataset

 Our Scope

Note:

Mention → both named entities and nominal expressions
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2. Dataset Construction

Acquiring the Data

19

1
Data Acquisition

2
Mention 

Annotation

→ Obtained 88 articles (44 ID + 44 EN). (see detailed statistics here)

→ Only articles with very similar content are included.



2. Dataset Construction

How similar are the ID and EN articles?
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Fig. 3 - Sample of Annotated Sentences in Indonesian and English



2. Dataset Construction

Annotation Process

→ Using brat rapid annotation tool with some tags as defined in JP dataset.
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2. Dataset Construction

How the Annotation was Conducted

Tags included in the annotation:

1. LOC_NAME  : naturally existing locations, e.g., country, mountain, lake

2. FAC_NAME  : man-made structures or area, e.g., park, building, station

3. TRANS_NAME: transportation modes or vehicles, e.g., bus, train, ship

4. LINE_NAME : roads and waterways, e.g., street, river, route

5. And another four for the nominal expression of each of the above.
LOC_NOM, FAC_NOM, TRANS_NOM, LINE_NOM
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2. Dataset Construction

How the Annotation was Conducted

Overview:

1. Based on the guideline, did trial annotation for 15 articles.

2. Revised the guideline based on what was discovered in the trial round.

3. Continued the annotation and asked for other independent annotators.

4. Calculated inter-annotator agreement and observe the results.

5. Conducted some experiments to evaluate the dataset.
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3. Dataset Evaluation
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3. Dataset Evaluation

Inter-Annotator Agreement (Exact Match)
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3. Dataset Evaluation

Different Spans in Annotation
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Fig. 4 - Sample of Annotated Sentences with Different Spans in English



3. Dataset Evaluation

Different Spans in Annotation
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Fig. 4 - Sample of Annotated Sentences with Different Spans in English



3. Dataset Evaluation

Dataset Statistics
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~11K mentions



3. Dataset Evaluation

Experiment and Results

• Trained classifiers to recognise named 
entities and nominal expressions.

• Used spaCy NER with transformers for 
Indonesian and English.

• For each language, split 44 articles into 
the train, validation, and test set in the 
ratio of 8:1:1, giving 35, 4, and 5 articles.
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3. Dataset Evaluation

Comparison with SpaCy

• Simple comparison using different texts:

1. Travelogue by the same author
2. Travelogue by a different author
3. Wikipedia article
4. News article

• Labels related to geographic entities in SpaCy:

1. FAC : Buildings, airports, highways, bridges, etc.
2. GPE : Countries, cities, states.
3. LOC : Non-GPE locations, mountain ranges, bodies of water.
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3. Dataset Evaluation

Comparison with SpaCy on Unseen Sample
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Fig. 5 - Our Classifier on Travelogue Article by the Same Author

Fig. 6 - SpaCy Classifier on Travelogue Article by the Same Author

no miss

2 misses



3. Dataset Evaluation

Comparison with SpaCy on Another Author
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Fig. 7 - Our Classifier on Travelogue Article by a Different Author

Fig. 8 - SpaCy Classifier on Travelogue Article by a Different Author

1 miss

no miss



3. Dataset Evaluation

Comparison with SpaCy on Wikipedia Article
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Fig. 9 - Our Classifier on Wikipedia Article

Fig. 10 - SpaCy Classifier on Wikipedia Article

4 misses

10 misses



3. Dataset Evaluation

Comparison with SpaCy on News Article
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Fig. 11 - Our Classifier on News Article

Fig. 12 - Our Classifier on News Article

1 miss

2 misses



3. Dataset Evaluation

Further Analysis

• Types of mistakes occurring in our classifier:

1. Not recognising new mentions
2. Not recognising existing mentions
3. Misclassification of mentions
4. Incomplete span of mentions

• Further investigation is necessary to figure out the characteristics and 
tendencies of our classifier, i.e., whether the problem mainly lies in the 
dataset or the classifier itself.
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4. Conclusions
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• We have constructed an Indonesian-English 
travelogue dataset to with a new annotation 
scheme that includes nominal expressions.

• We have conducted experiments and observe 
the potential use of our dataset for research.

• Further expansion of scope is necessary.

SUMMARY
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5. Future Works
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5. Future Works

Expansion of the Dataset

Within the same scope of use:

• Add more travelogue articles from diverse authors (writing styles).
• Cover more languages → foreign or local languages in Indonesia.
• Conduct more experiments, e.g., comparing with NER datasets, etc.
• Improve the guideline or the tools to handle multi-spans of mention.

Beyond the current scope of use:

• Include coreference resolution and entity linking (geocoding).
• Extend the use of the dataset, e.g., including human behaviours, etc.
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