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                   Motivation

What is JLBert?Short Texts
● Review Titles:

a. "まあまあ" (So-so)
b. "残念な結果" (Disappointing result)

● Tweets:
c. "今日の天気は最高だね" (Today's weather is great)
d. "この本、おすすめです！" (I recommend this book!)

● Headlines:
e. "地震、被害拡大" (Earthquake, damage expands)
f. "オリンピック、金メダル獲得" (Olympics, gold medal won)

● Lightweight "Greener" BERT Model
● Cross-domain compact and scalable model, specifically 

designed for STC tasks on Japanese language
● JLBert focusses on: Computational Efficiency, 

Proficiency in STC tasks and Cross-domain applicability

Transfer
Learning 
Approach 
for 
Fine-Tuning
on three
Short Text
datasets
(1 industry + 
2 open 
source 
datasets)

➔ Merchant Name Classification (MNC)
◆ Credit Card Merchant Genre categorization 

model. 
◆ Highly imbalanced data with 23 class 

classification.
➔ Classification of Japan NHK shows
◆ News genre classification from short titles of a 

show. Contains 21,795 different show titles 
with 13 classes. 

➔ Sentiment Analysis
◆ Rakuten review titles is sentiment analysis 

dataset.
◆ Contains 40k review titles with five user 

polarity classes

Fine-Tuning Performance (SOTA BERT Models & LLMs)

Summary
➔ Developed compact model specifically designed for the Japanese language.
➔ JLBert is energy-efficient, resulting in least CO2 emissions. 
➔ JLBert outperforms SOTA BERT models by approx 1.5%.
➔ Runtime for JLBert is minimal for both fine-tuning and inferencing tasks across all datasets. 
➔ Few shot classification with LLM models underperform when compared with JLBert by approx 15%. 

➔ Experiment suggests these models may require substantial fine-tuning to effectively handle datasets like MNC 

Scope of Work
● Lack of lightweight models for Japanese texts
● Limited models trained on diverse datasets
● Improving Short Text Classification (STC) tasks 

performance in Japanese language 

Pre-Trained Language Models 
(PLMs)

● Computationally heavy models.
● Trained on: Wikipedia and Common Crawl English 

corpus 
● Inferencing -> significant computational resources 


