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Contribution

(1)To the best of our knowledge, we are the first to

explore domain adaptation for the ABSA task without

access to source domain data.

(2)We propose the SFABSA framework, encompassing

both feature-based adaptation and pseudo-label-based

adaptation.

(3)Experimental results show that our framework

achieves competitive results compared to the state-of-

the-art results.

Motivations

Unsupervised Domain Adaptation (UDA) task

aims to transfer knowledge learned from labeled

source domain datasets to unlabeled target

domains on the assumption that samples from

the source domain are freely accessible during

the training period. However, this assumption

can easily lead to privacy invasion issues in real-

world applications, especially when the source

data involves privacy-preserving domains such

as healthcare and finance.

Method

In transfer learning, SF-ABSA aims to transfer knowledge learned from labeled source domain datasets to 

unlabeled target domains with privacy protection

Feature-Based Domain Adaptation：

Feature extraction：
extract the characteristics of their head 

entities and tail entities.

Source Model Generation：
Then we train the model on the source 

domain data by minimizing the cross 
entropy.

Domain Adaptation with Self-supervised Pseudo-labeling：
First, predict the data of the target domain based on the source model:

Experiments
Method Comparison

Comparison results of different methods for Cross-Domain End-to-

End ABSA based on Micro-F1.The table consists of three parts:

(1) Source-Only; (2) Source-Required; (3) Source-Free

Conclusions
In this paper, we explore the ABSA task of source-free unsupervised domain
adaptation. We propose a joint framework of feature-based methods and
pseudo-labeling methods. Our framework achieves comparable performance to
conventional unsupervised domain adaptation methods under the premise of
insufficient information and without access to source domain data. This
demonstrates the superiority of our method under the source-free setting.

Dependency Relation Prediction：
using MLM task, we make the model 

embed the target domain feature space

Based on the predicted labels, calculate the center point of the category, then using
the allocated pseudo labels, recalculate the center point and iterate through the
loop:

Then the model predict their dependencies :

Experiments Analysis

When the target domain is the 

Service domain dataset, the 

pseudo-label based approach 

has a significant effect on 

performance improvement, as 

shown in the Table.

SHOT is a method in the field of computer vision, but it has a strong 
generalization ability and can be generalized to our ABSA task for comparison.
m represents the number of times to iteratively calculate the category center.


