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Abstract

* We construct E-ConvRec, an authentic Chinese dialogue dataset consisting of over 25k dialogues and 770k utterances, which contains user profile, product knowledge
base (KB), and multiple sequential real conversations between users and recommenders.

* \We explore conversational recommendation in a real scene from multiple facets based on the dataset and particularly design three tasks: user preference recognition,
dialogue management, and personalized recommendation.

* \We establish baseline results on E-ConvRec to facilitate future studies.
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Figurel. A dialogue example for E-ConvRec. This dataset provides conversation flows from real scenario of E-commerce, user profile and
product KB to enrich recommendation. Moreover, three sub-tasks of user preference recognition, dialogue management and personalized
recommendation are devised to facilitate research on CRS.

Data Collection Task Formulation & Experiments

Dialogue Flows User Preference Recognition

Our dialogue dataset contains conversations on pre-sales topics between
users and customer service staff in an E-commerce scenario and pre-
select from a broader set of dialogues.

~our kinds of preference words: descriptive preference words, category words, comparative
oreference words, and negative preference words.
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User level User sex User age Avg pay monthly Top3 purchased recently User level User sex User age Avg pay monthly Top3 purchased recently
User profile : User profile : .
Golden Member Male 26-35 years old RMB: 6,072.98 watch/pen/earphone Golden Member Female 36-45 years old RMB: 7,872.98 seafood/shoes/milk
” Q: 7ENS? (Anyone here? )
Q: 84, (Hello.)
A: R SR BIEN, A AR LIFBERE? (Of course! What can I do for you? My dear.)
: Rt 35 Wl BT LS B g T 9
A: &0, RRHATA A m%u L (Hello, what can | C.lo for you?) Q: Pt 7, WFEAFIUKFE, #E%H—TF. (Spring Festival is coming. I need a new refrigerator. Help me recommend one.)
Q: RATE BE T2 F L, #EFFE— 1?7 (Iwant to buy a mobile phone, what do you recommend?) A BT HH (UK, 81— F(We have a new refiigerator, please take a look.)
A: 5 M SRR H A KA ? (What are your requirements for performance?) A https://item.jd.com/10023613092198. Html
0 BT AR R, AITHR, B2 BAHEWR, A28 200G, (I don't have any special requirements. I don't play o XTI, Ha2XREe/mE, AITEHFE—RKRZE T AWe. (This single-door refrigerator is good, but this is only
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Model DeepFM+BF+CF DeepFM+BF+IF DeepFM+BF+CF+IF Ground truth
Model DeepFM+BF+CF DeepFM+BF+IF DeepFM+BF+CF+IF Ground truth 2
®
m Recommend result I
Recommend result | s 4
Price: 7488 RAM: 512G Price: 6,488 RAM: 256G Price: 6,458  RAM: 256G Price: 6,458  RAM: 256G Price: 2,499 Capacity: 200-249L Price:2,099 Capacity: 100L Price:2,499 Capacity: 200-249L Price:2,899 Capacity: 500-549L
Color: Black Camera: 50 million pixels | Color: Golden Camera: 50 million pixels| Color: Black Camera: 50 million pixels | Color: Black Camera: 50 million pixels Color: Red Number of doors: 1 Color: Green Number of doors: 1 Color: White Number of doors: 1 Color: Black Number of doors: 2

» Green box highlights the product mentioned in the conversation, and the orange one refers to ground truth



