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INTRODUCTION

Stance detection: to detect expression of the speaker’s attitude,
standpoint, and judgement toward a target.

A VIETNAMESE CORPUS
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research on this interesting direction.

RESULTS

Setting-up experiments: Word2vec with 300 dimensions, Dropout rate

A MODEL USING CNN WITH BERT
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" _ _ 0.2, Hidden units: 200, Adam optimizer, CNN kernel sizes: 2,3, Exploit
* utilizes knowledge embedded in pretrained BERT language : PhoBERT
models :
« CNNis an ideal replacement for LSTI\/I/GRUs_(Hochrelter 5 Table 2: Experimental results of the proposed methods
and Schmidhuber, 1997) for sequence modelling tasks. : averaged on four stance labels.
: Number | Methods Accuracy
Best previous work(Tran et al., 2021)
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Stance Labels | Precision | Recall | F; score
Agree 76.77 79.67 78.19
: Disagree 72.73 59.74 65.62
Discuss 64.87 72.71 68.57
: Unrelated 91.62 89.37 90.48
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Table 4: The most wrongly-predicted stance labels by
the best stance detection model.

CONCLUSION
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