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Motivation
– Heterogenous Hate Speech (HS) resources.
– Few corpora specifically designed for studying HS in Portuguese.
– Spatial and temporal dimensions are not usually considered.

Goals
– Investigate the dynamics of online HS in Portugal, particularly against the 

most representative marginalized groups.
– Understand the impact of the Covid-19 pandemics on online HS.

Motivation and goals

Conclusions
– Descending trend in potentially offensive and hate speech on Twitter.

– The most prevalent target in FIGHT is the African descent group, who also
gathered the highest number of potential hatred messages, in all the
Portuguese regions over the time period considered.

– The LGBTQ+ community is the most regularly mentioned target in FIGHT,
although the number of potential offensive or hate speech targeting this
group is lower than the one targeting the African descent group.

Future work
– Fully annotate the corpus, based on solid guidelines developed by the

project’s team (in progress).

– Explore the conversations associated with the collected tweets, to
overcome the lexicon-based approach’s drawbacks.

– Made the annotated corpus available.
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– Time Span: August 1, 2018 - October 31, 2021

– Geography: Tweets posted by the Portuguese online community

– Lexical criteria: 
• Lexicon of 259 words and expressions often used to mention the targets
• Lexicon of 800 words and expressions often used to insult or offend the targets

Collecting the Data
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Figure 1: Pipeline for data collection.

Data Source Target Off/HS Total
DB (existing) 35,832 5,576 41,408
Twitter API (new) 17,947 4,095 22,042
Total 53,779 9,671 63,450

Table 1: Distribution of tweets in FIGHT, according to
the data source.

tweets there were not already available in the ex-
isting DB, due to eventual problems that may have
occurred during the data collection process per-
formed on a daily basis over years.

4. FIGHT Data Collection
The FIGHT (FIndinG Hate in Twitter) data collection
includes the tweets extracted from both the database
and Twitter API according to the criteria previously
described. The final data collection is composed of
63,450 tweets, posted by 6,728 different users; from
those tweets, 41,408 were extracted from the existing
database (cf. Table 1). When comparing the data col-

Before Covid During Covid
Target Off/HS Target Off/HS

Afro 10,886 3,472 12,010 3,206
Roma 1,476 146 1,560 200
LGBTQ+ 15,622 1,415 12,245 1,232
Total 27,984 5,033 25,815 4,638

Table 2: Distribution of tweets in FIGHT, posted be-
fore and after the official declaration of Covid-19 as a
pandemic, for each class.

lected in the existing database with the one retrieved
by the Twitter API, we found that there were (i) tweets
in the database that are no longer available on Twit-
ter, and (ii) tweets available in Twitter that, for some
reason, were not present in the database. After merg-
ing both data, we obtained 53,779 tweets, from which
22,042 where retrieved from the Twitter API. As de-
scribed in Table 2, those tweets include the mention to
the potential targets covered in this study. The most
representative class in our collection is LGBTQ+, fol-
lowed by the African descent, and finally, with a much
fewer representation, the Roma community.
When restricting the search to the combination of a
potential mention to the target with a potentially of-
fensive term, we got 9,671 tweets. Interestingly, the
African descent is the most representative class in this
case (6,678 tweets), followed by the LGBTQ+ (2,647
tweets), and finally the Roma community (346 tweets).

4.1. Tweets Distribution over Time
Figure 2 presents the number of tweets covered in
FIGHT, on a monthly basis, considering both the tweets
containing a potential mention to each covered tar-
get, and those containing potential hate speech (dotted
lines). Taking as reference the official declaration of
Covid-19 as a pandemic, one can observe that, espe-
cially in the last months, the number of tweets target-
ing the protected groups has been decreased. Similarly,
the tweets containing potentially hate speech have also
decreased in number compared to the time before the
pandemic.
As illustrated in Figure 2, there is a clear relation-
ship between the tweets potentially mentioning the
Roma, LGBTQ+, and the African descent communi-
ties, and the tweets potentially containing offensive or
hate speech against each aforementioned target. In fact,
the general trends and major peaks seem to be related
in both collections. Regarding the classes’ distribution,
tweets mentioning the LGBTQ+ community – one of
the most commonly reported target of hate speech in
social media at the European context – have generally
been the most prevalent over time. However, at least in
FIGHT, this trend seems to be attenuating, especially
in recent months.
Particularly concerning the potential offensive and
hateful tweets, no abrupt peaks are observed for the
LGBTQ+ community. In this case, the most prevalent
class over time is the African descent community, one
of the most representative minorities in Portugal.
The highest peaks occur in the months next to the dec-
laration of the Covid-19 pandemic, with particular em-
phasis for the African descent community. The inter-
pretation of these values requires the inspection of po-
tential events that may influence the users’ activity in
social networks.
With respect to African descent community, the first
pick of tweets was in February 2020. This may be re-
lated with an event involving an African descent foot-
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African descent is the most representative class in this
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tweets), and finally the Roma community (346 tweets).

4.1. Tweets Distribution over Time
Figure 2 presents the number of tweets covered in
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containing a potential mention to each covered tar-
get, and those containing potential hate speech (dotted
lines). Taking as reference the official declaration of
Covid-19 as a pandemic, one can observe that, espe-
cially in the last months, the number of tweets target-
ing the protected groups has been decreased. Similarly,
the tweets containing potentially hate speech have also
decreased in number compared to the time before the
pandemic.
As illustrated in Figure 2, there is a clear relation-
ship between the tweets potentially mentioning the
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hate speech against each aforementioned target. In fact,
the general trends and major peaks seem to be related
in both collections. Regarding the classes’ distribution,
tweets mentioning the LGBTQ+ community – one of
the most commonly reported target of hate speech in
social media at the European context – have generally
been the most prevalent over time. However, at least in
FIGHT, this trend seems to be attenuating, especially
in recent months.
Particularly concerning the potential offensive and
hateful tweets, no abrupt peaks are observed for the
LGBTQ+ community. In this case, the most prevalent
class over time is the African descent community, one
of the most representative minorities in Portugal.
The highest peaks occur in the months next to the dec-
laration of the Covid-19 pandemic, with particular em-
phasis for the African descent community. The inter-
pretation of these values requires the inspection of po-
tential events that may influence the users’ activity in
social networks.
With respect to African descent community, the first
pick of tweets was in February 2020. This may be re-
lated with an event involving an African descent foot-
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Tweets Distribution over Time
– The highest peaks occur in the months next to the declaration of the Covid-

19 pandemic, with particular emphasis for the African descent community.

– The highest peaks of tweets are intimately related with controversy events
directly or indirectly involving the target communities considered.

FIGHT Data Collection
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– Randomly selected a data sample of 300 tweets (100 from each target

group) classified as potentially containing offensive or hate speech.

– Two annotators were asked to identify whether the tweet message (i)
conveys hate speech; (ii) is offensive; (iii) is ambiguous, vague or unclear;
or (iv) is non-relevant.

– 40% of analysed tweets classified as conveying offensive or hate speech.

Inter-Annotator Agreement (IAA)
– Substantial agreement for hate speech detection (Krippendorff's alpha 0.752)

– Offensive speech seems more difficult to recognize (Krippendorff's alpha 0.646)

Annotation Trial
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Figure 3: Proportion of tweets containing potentially
offensive or hate speech, by online users from each Por-
tuguese region, before and during Covid-19.

prevalence of terms like racista, and racismo (‘racist’
and ‘racism’), in all the collections, clearly related to
the topic approached in the paper.
The frequent use of offensive, pejorative, and insulting
words (e.g., merda and caralho; ‘shit’ and ‘fuck’) sup-
ports the idea that the tweets included in FIGHT could
effectively be an important source of offensive and hate
speech.
Particularly regarding adverbs, it must be stressed the
use of the negative adverbs não (‘no’) and nem (‘nei-
ther’) in tweets from all regions; intensifiers are also
highly frequent (e.g., muito and mesmo; ‘very’ and ‘re-
ally’), which might suggest that the tweets in FIGHT
convey strongly marked sentiment and opinions.

4.3. Public, Private, and Deleted Tweets
Since the tweets retrieved from the existing database
were collected on the date they were published, it is
possible to identify the tweets that were deleted later
on either by their owner or suspended by Twitter, in
case of violating Twitter’s hateful conduct policy.3 Fig-
ure 4 presents, for each target, the monthly number of
tweets potentially containing hate speech that are not
currently available on Twitter, either because they were
deleted, or marked as private. The blue bars correspond
to tweets currently available using the Twitter API. The
yellow bars correspond to tweets that still exist, but the
API could not retrieve them, since their authors have a
private account. The orange bars correspond to deleted
tweets. For those, we distinguish between the deleted
tweets whose the author’s account still exists, and the
ones whose the Twitter’s account was removed.
The number of restricted or deleted tweets increases to-
gether with the time span. Looking back at these data in
near future is crucial to understand whether the tweets’
deletion is more or less immediate (Almuhimedi et al.,
2013) or, on the contrary, it is primarily reflected later.

3https://help.twitter.
com/en/rules-and-policies/
hateful-conduct-policy

(a) Roma tweets
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Figure 4: Proportion of public, private, and deleted
tweets potentially conveying hate speech against the (a)
Roma, (b) LGBTQ+, and (c) African descent commu-
nities.

Table 4 presents the overall distribution of tweets for
each FIGHT category that are no longer available, dis-
tinguishing those that were kept private by their owners
and the ones that were permanently deleted. As one can
observe, in our collection, deleted tweets correspond to
more than a double of private tweets. Furthermore, the
highest percentage of deleted tweets seem to be related
with the Roma community, followed by the LGBTI
community, either considering the messages that in-

Tweets Distribution per region
– Afro-descendants: the most target group

before and after the pandemic
• Alentejo and Azores: the highest number of

hateful messages against this community.
• Algarve and Madeira: increase of potential

HS against this community

– Lisbon and North of Portugal: the most
regular behavior.

– Alentejo and Madeira: slight increase of
potential HS against Roma.

Public, Private, and Deleted Tweets
– Deleted tweets correspond to more than a

double of private tweets.

– There is no correlation between the
number of published tweets and deleted
tweets over time (ρ ≤ .01).

Norte Centro Lisboa Alentejo Algarve
2974 gay 861 gay 3587 gay 968 não 861 gay
2211 não 792 não 2568 não 763 gay 792 não
1427 racista 475 racista 2182 racista 479 racista 475 racista
1335 racismo 302 racismo 1821 racismo 441 racismo 302 racismo
961 paneleiro 255 mais 1101 pessoa 279 merda 255 mais
720 pessoa 212 são 1081 quando 266 cigano 212 são
668 quando 205 cigano 995 mesmo 264 ser 205 cigano
609 muito 201 paneleiro 988 cigano 257 são 201 paneleiro
638 mesmo 190 pessoa 948 muito 251 pessoa 190 pessoa
609 muito 183 ser 936 angolano 242 paneleiro 183 ser
606 agora 179 preto 930 preto 219 preto 179 preto
588 merda 166 merda 888 foi 207 muito 166 merda
570 são 162 muito 887 são 202 foi 162 muito
564 ser 156 portugal 861 merda 200 está 156 portugal
545 caralho 148 mesmo 845 branco 191 nem 148 mesmo
543 preto 144 foi 844 agora 184 vai 144 foi
499 vai 142 ainda 824 paneleiro 179 tem 142 ainda
475 sempre 136 quando 810 nem 177 mesmo 136 quando
468 branco 135 agora 763 bem 169 agora 135 agora
449 sim 133 nem 725 tem 162 quando 133 nem

Table 3: List of the 20 most frequent content words, considering the most representative Portuguese regions (in
terms of retrieved tweets) in FIGHT. Each word is preceded by its frequency.

Class Target Off/HS
Priv Del Priv Del

Afrodescent 5.43 16.62 5.77 13.85
Roma 7.71 19.43 8.27 16.19
LGBTQ+ 6.40 17.08 6.19 16.07

Table 4: Percentage tweets in FIGHT that are cur-
rently unavailable, because they are kept private (Priv)
or deleted (Del), considering both lexical criteria used.

clude at least an unambiguous mention to the potential
target, or the messages potentially conveying offensive
or hate speech (i.e., including a mention to a potential
target and an expression of offense or insult). The Pear-
son correlation coefficient indicates that there is no cor-
relation between the number of published tweets and
deleted tweets over time for any of the classes consid-
ered (⇢  .01).

5. Annotation Trial
To assess the data usefulness and reliability, we have
randomly selected a data sample of 300 tweets (100
from each target group) classified in FIGHT as po-
tentially containing offensive or hate speech against
the protected communities considered in this study.
Those tweets were manually annotated by two Master
students making part of the project’s team, and who
are currently developing research on automatic hate
speech detection. The annotators were asked to identify
whether the tweet message (i) conveys hate speech; (ii)
is offensive; (iii) is ambiguous, vague or unclear; or fi-
nally (iv) is non-relevant, because it contains neither of-
fensive nor hate speech. The annotators were provided

with detailed guidelines, developed in the scope of this
project, allowing to clearly distinguish offensive from
hate speech, which are often mixed in literature. Ac-
cording to the aforementioned guidelines, Examples 1
and 2 should be analyzed as conveying hate speech. On
the contrary, despite being offensive or insulting, Ex-
amples 3 and 4 should not be considered hateful, since
they do not attack an individual or a group on the basis
of their identity characteristics.

1. Racismo o c@ralho! se não fossem esses para-

sitas da sociedade que não querem fazer nada,

Portugal era um paraı́so. ‘Fuck the racism! If
it were not those social parasites that don’t want
to do anything, Portugal was a paradise.’

2. Coitadinhos dos “feirantes”, vão ficar sem os

benefı́cios. ‘Poor “marketeers” [reference to
Roma], they will lose their benefits.’

3. Deve ter nascido num pardieiro.

‘You were certainly born in a dump.’

4. É tudo a mesma bosta, todos esses vermes são

racistas e xenofóbicos. ‘It’s all the same crap, all
these worms are racist and xenophobic.’

In average, 40% of the tweets composing the data sam-
ple actually contain offensive or hate speech. This
supports our data collection strategy, given the dif-
ficulty in identifying data representing such diffused
phenomena in social platforms like Twitter. To eval-
uate the annotations reliability, we then conducted an
inter-agreement (IAA) study, using Krippendorff’s al-
pha coefficient (Krippendorff, 2004). Table 5 presents
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FIGHT - FIndinG Hate in Twitter
63,450 tweets, by 6,728 different users,

focused on the African descent, Roma and 
LGBTQ+ communities


