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Overview of the annotations

Come on,     you  know how it is with break ups. 

No,      I  don't. And neither do      you .

Wuh,     I  broke up with      Penny . 

      You  did not,      she  left.

PERSON

speaker

addressee

word

PERSON

entity
linking

named
entity

audio

forced
alignment

transcript

LEGEND

ANNOTATED TRANSCRIPT

KNOWLEDGE BASE

word

time

episode 1

episode 2

episode 3
episode 4

s
h
e
l
d
o
n

r
a
j

l
e
o
n
a
r
d

h
o
w
a
r
d

p
e
n
n
y

✔ ✔ ✔ ✔ ✔ 
✔ 

✔ ✔ 
✔ 
✔ ✔ 

✔ ✔ 
✔ 

✔ 

Freely available

• hf.co/bazinga
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Tasks
• Speaker Diarization: overall 57.9% diarization error rate
(20.3% of false alarm, 17.8% missed detection, and 19.8%
speaker confusion) using off-the-shelf pyannote.audio
pipeline [3] trained on DIHARD [5].

• Speaker Identification: either supervised or unsupervised [2].
• Automatic Speech Recognition: expect drop in performance
because of the multi-party dialogue setting [6].

• Punctuation Restoration: overall 43.3% precision and 20.1%
recall using off-the-shelf model from [7] trained on Europarl
corpus [4]. 59.2% precision and 50.9% recall when trained on
Bazinga! .

• Person Entity Recognition: 78% precision and 63% recall
with Flair [1], 82% precision and 66% recall with spaCya.

• Entity Linking: nontraditional setting, unsupervised entity
linking could be explored.

• Addressee Detection: to whom is a speaker talking?
• Continual Learning: TV series are chronological, characters
appear in (or disappear from) the storyline.

Gold-standard annotations
Episodes Tokens Speakers Speech

Battlestar Galactica 13 56k 119 3.0h
Breaking Bad 7 29k 58 1.6h
Buffy the Vampire Slayer 12 68k 99 3.4h
Friends 24 82k 110 4.0h
Game of Thrones 10 54k 126 3.0h
Lost 25 101k 131 4.9h
The Big Bang Theory 17 58k 41 3.1h
The Office 6 23k 25 1.1h
The Walking Dead 6 25k 38 1.3h
Star Wars 7 72k 281 3.9h
Total 127 569k 1,028 29.4h

Silver-standard annotations
Episodes Tokens Speakers Speech

24 168 886k – 46.0h
Battlestar Galactica 58 262k 100+ 14.3h
Breaking Bad 54 236k 20+ 13.5h
Buffy the Vampire Slayer 131 666k 200+ 35.1h
ER 305 2,043k – 100.4h
Friends 209 702k 190+ 38.2h
Game of Thrones 50 247k 200+ 14.0h
Homeland 58 278k – 14.7h
Lost 79 300k 200+ 14.3h
Six Feet Under 50 314k 30+ 17.2h
The Big Bang Theory 190 581k 70+ 33.2h
The Office 182 700k 140+ 38.4h
The Walking Dead 93 260k 50+ 13.7h
Harry Potter 8 81k 50+ 4.6h
The Lord of the Rings 3 28k 30+ 1.7h
Total 1,638 7,584k 1, 300+ 399.4h

ahttps://spaCy.io/

https://huggingface.co/datasets/bazinga/bazinga
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