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1. Background

* |[n Japanese society, people often distinguish between Private Thoughts ?
their Private Thoughts and Public Statements in communication. Public Statements?
« While Public Statements help to maintain interpersonal relationships, gow is School ? ]
they can obscure the speaker's true intention, potentially leading to misunderstandings. [ It's funI

|Approach of this study l \ That s wonderful !
@ . . . . .

Constructing a corpus of business and daily conversations annotated with

Private Thoughts and Public Statements. Gl ')]
(2 Evaluating LLMs" ability to classify and generate Private Thoughts and Public Statements.
N VAN

2. Corpus Construction

[;
- Annotation Method ~  Quoted from JOD B

. 4
Read the dialogue and add How about we study together
_ Private Thoughts and Public Statements where appropriate. p during lunch break for the test?
1\ J
—
| Annotator Selection Method ' QD)
g _ _ _ _ _ A [That sounds good. Is the library okay? ] % Y
0 ensure annotation quality and consistency, we exclusively hired — @
the certified workers with top-tier ranking on Lancers, o A —
a major Japanese crowdsourcing service. % Let's do that.
_ , _ _ Should we invite anyone else?
« such as a history of consistently high ratings. ——— B
« a deadline compliance rate of 90% or higher. Private Thoughts |
° I I ~
- high trust scores from clients. ) | don't like it because it's hard to L %>
do with a large group.
— Quality Check ) ~ (e e e O |@a
_ _ | _ _ Public Statements OR 1
The following cases require re-annotation to improve quality. — _ — Annotator | &
: : : It might be a good idea to invite —
* Private Thoughts and Public Statements are not contrasting a few people.
Private Thoughts : It's not good. b —
Public Statements : Maybe we can invite them sometime. @
« Private Thoughts and Public Statements are consistent HOTATE Corpus Total a&%m
Private Thoughts 1 Inviting a few people would probably ..., *"f’
motivate us and help us make good progress. BSD: Business Sence Dialogue [1! 924 35;,.. :’i. :
Public Statements : Inviting a few people sounds like o ) )
it would make studying more enjoyable. JDD: Japanese Daily Dialogue 7,040 @ ‘333&:%
\_ / HOTATE

[1] https://github.com/tsuruoka-lab/BSD [2] https://github.com/jgk09a/japanese-daily-dialogue

3. Experiments

Tasks : Classification and generation of Automatic evaluation : BLEU, SentenceBERT (SBERT)
Private Thoughts and Public Statements. Human evaluation : Evaluate on a 3-point scale from 1 to 3.
Dataset Split : 8:1:1 (train: 6,371, validation: 796, test: 797) » grammaticality (gram.)

e consistency as a dialogue (cons.)

Model . gpt-0ss-20b83! | [Im-jp-3.1-13b-instructl4 . . .
Llama-3.1-Swallow-8B!5) (Japanese LLM) » contrast clarity between Private Thoughts and Public Statements (cont.)
o Corpus analysis: Sentimental Difference -~ . Lo Generation -
' 3000 Private Thoughts " Private Thoughtsisa Automatic Human
2500 M Public Statements hegative response. BLEU SBERT gram. cons. cont
2 393 2 039 "troublesome" (TEfE)) N
., 2000 1,718 "impossible" (#IE) Private Thoughts — Public Statements
£ 1500 diffioult” ®ELW 1 gpt-0ss-20b 1059  0.69 3.0 2.8 2.6
S0 736 / Public Sentencesisa ) | | Im-jp-13b 1214 070 29 27 2.6
positive response. |
500 I I 278 11| 'look forward to" (L %) Swallow-8b 13.84 0.70 2.9 2.8 2.1
0 38 o6 i "interesting" (E1E L) Public Statements — Private Thoughts
NSG’g;)tri]\%e Negative Neutral PositivePOSSHicz/r;g \_ work hard" (785 %) y /5 E gpt-0s5-20b 301 067 26 59 50
IIm-jp-13b 9.60 0.68 2.9 2.6 2.4
, Swallow-8b 8.73 0.68 2.9 2.5 2.5
E 0-shot 10-shot N
' opt-0ss-20b 55.51 55.39 89.72 i+ Private Thoughts — Public Statements generation showed high
Im-ip-13b 15 61 65 66 91 85 . performance in both automatic and human evaluations.
Public Thoughts are formulaic, and like human thoughts,

Swallow-8B  50.38 78.82 92.98 -

; LMs are relatively predictable.
i « All models achieved about 50% accuracy in 0-shot.

« The highest Pearson correlation between automatic and human

» Existing LLMs do not fully understand the distinction I evaluations is 0.18 for BLEU and 0.23 for SBERT.
netween Private Thoughts and Public Statements. | mp Better automatic evaluation methods are needed.
« Using SFT, all models achieved about 90% accuracy. -
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[3] https://huggingface.co/openai/gpt-oss-20b  [4] https://huggingface.co/lim-jp/lim-jp-3.1-13b-instruct4 [5] https://huggingface.co/tokyotech-lim/Llama-3.1-Swallow-8B-v0.5
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